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noise-free
ACT-like
Planck-like

Vafaei Sadr, A, et al., MN&Q\S, 478.1 (2018): 1132-1140; Vafaei Sadr,A,, et al., MNRAS, 475.1 (2017): 1010-1022.
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Eghdami, |, et al.,APJ, 864:162 (18 pp), 2018




What is Machine learning approach?
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Vafaei Sadr, A, et al., MNRAS, 478.1 (2018): |1 132-1140; Vafaei Sadr,A,, et al., Mﬁ&AS, 475.1 (2017): 1010-1022.



Feature vectors
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Vafaei Sadr, A, et al., MNRAS, 478.1 (2018): 1 132-1140; Vafaei Sadr,A., et
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Multi-scale components|+ Topological category

Vafaei Sadr, A, et al., MNRAS, 478.1 (2018): |1 132-1140; Vafaei Sadr,A,, et al., MﬁﬁAS, 475.1 (2017): 1010-1022.



Feature vectors
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Vafaei Sadr, A, et al., MNRAS, 478.1 (2018): |1 132-1140; Vafaei Sadr,A,, et al., MﬁﬁAS, 475.1 (2017): 1010-1022.
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