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X,Y =

XA, YA
XB, YB

m=lo s3lwlas> Perceptron 4 Logistic regression classifier ;|
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np.genfromtxt("data/iris.txt",delimiter=None)

= iris[:,0:2], iris[:,-1] # get first two features & target

ml.shuffleData(X,Y) # reorder randomly (important later)
= rescale(X) # works much better on rescaled data

= X[Y<2,:1, Y[Y<2] # get class 0 vs 1

= X[Y>0,:], Y[Y>0] # get class 1 vs 2
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