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Feature Selection vs Extraction
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Iris data: Single feature
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Iris data: Add one more feature to F4
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e Face recognition
— Belhumeour et al., PAMI’'97
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— Swets and Weng, PAMI’96
e Gene expression data analysis
— Dudoit et al., JASA’02; Ye et al., TCBB’04
e Protein expression data analysis
— Lilien et al., Comp. Bio.’03

e Text mining

— Park et al., SIMAX'03; Ye et al., PAMI’'04
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Classical Solution(Principal coordinate analysis)
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Classical Solution(Principal coordinate analysis)
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Classical Solution(Principal coordinate analysis)
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Map of Europe by MDS -
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Map from CIA — The World Factbook: http://www.cia.gov/



